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Theorem 4.1.1 (MLE for a Gaussian). If we have N iid samples x; ~ N (u,X), then the MLE for
the parameters is given by
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. 1 N 1
3. = + ;(xgi —X)(x; —x)7 =5 Z x;x1) —xx! (4.7)

That is, the MLE is just the empirical mean and empirical covariance. In the univariate case, we
get the following familiar results]
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